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ZUBM 7 L3 (unsupervised learning)
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HEfi%E LEE (unsupervised learning)
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k-means method (k3 15;%)
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Concept:
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For finding a local minimum:
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Iteration 1, Step 2b

Iteration 2, Step 2a

Final Results

a " a

. $ Mo,

¥ ( ot
- -: ¥

. -
ee ¢

. <
. -
‘8 % 'Y
. otle .}'-
& * oe
ve & L

s 'S e,
p r,, o
IS ad
et ®
o e




Example data (Iris data 7 ¥ XA T—43)
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The following 3 difference species XMD3FED 7 ¥ A T—42 (50K7 D)

® Setosa
® \ersicolor
® \Virginica

Data (4 measurements 4RIt D BIFE{E, 3*50=150 individuals 150 DTE)

® Length and width of “Sepal” (A' FDE & £ 1F)
® Length and width of “Petal” (fEF DK & L 1F)
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Clustering: K-means method with K=2 & 3 (10 repeats)
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Clustering: K-means method with K= 3 (only one initial assignn%ﬁ?fﬁ?ﬁ?ﬁ
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Hierarchical clustering

Concept:
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Hierarchical clustering QA FRmzry
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Image of dendrogram after hierarchical clustering (from ISLR)
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® Choice of similarity metric (EEBfDEZ DL A)
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® Choice of linkage (BBHDEMN LS50 T A —HDIEHDEE)
* single (x%5)
e complete (&)
* average (F13)
« centroid (Fil»)

® Choice of K (LN DDHY SR E—IZ5 B ?)



Outcomes as dendrogram (Z#ft1it)
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Grouping after hierarchical clustering (from ISLR)
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Iris again: Hierarchical clustering with “average” linkage Q Faiy
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Iris again: Comparison of results
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